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SLA o e = O I¢ =
o SEHAH Zu MY . &50| 22 E FY Student RHES LHESID FE HS5S EIteiCh
p— el AL e e LOSEA o _—— AL [ A
o 6CHA HiZ A XStEEF) : StEE ZES CaTVo HizZsta, MEA +AE= HOHZ X&FH
LA O ALE A L o = .
o TYBES SUSH wEIXES XGBLL,
1.I0I” 4 2. 24 B (HDFS) 3. Shard =#(Rotating) 4. KnowledgeDistillation s}&
ECCTVEY 8 24 AH{olA HDFS2 Edge Device?] BT HAZOIM S Teacher 2@e| X|4}2 Student 0|
Shard €] TEIMY XZ SAFOR TR g

| = 4% HOFS A =]

Load Train
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N f'\ (BBox + Class
cerva —_ i = N ——- +Confidence) __y
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; R aatoasi el
AR COlE] B2 i
| — 2 E 2
",. = L. e @ ;:Sf;
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sgmE A EolE 8 et E21A Student 26 2 e
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=52 2L510] KA
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